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Empirical mode decomposition and analysis of its evaluation criteria

GAO Jing, DENG Jiahao

National Key Laboratory of Mechatronic Engineering and Control; School of Mechatronical Engineering, Beijing Institute of
Technology, Beijing 100081, China

Abstract The empirical mode decomposition (EMD), that provides a multi—scale and highly adaptable method, scores a breakthrough
in the signal processing field. This paper gives a brief review of research advances of the theoretical foundation of the EMD algorithm

based on the concept of the EMD. Furthermore, a comparison of various improved EMD methods is made. The applications of the

EMD and the directions for further research are discussed.
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Fig. 1 Flow chart of the EMD algorithm
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