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Abstract By taking full advantage of the characteristics of mobile search and government website, a log mining and customization
system, which makes use of the advantages of Hadoop in large data processing, is designed and developed. First, it uses Flume and
HDFS to realize the collection and storage of massive log and to provide source data and program interface of log mining. Second, the
system uses MapReduce to efficiently analyze the log by taking advantage of labels and navigation bar of search result pages. Thus,
the vector space model of search result pages and user interest model are established. Third, based on user interest model and
combined with MapReduce again, the K—means algorithm which is for cluster analysis is used. Then, users are divided into different
interest groups depending on their interests. Finally, by calculating the distance between search result page and the user’s interest
group, whether the user is interested in this page is determined, then the system adjusts the order of search results and pushes a new
page to this user accordingly. Therefore, the personalized search and push function are implemented.
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Fig. 1 Overall system architecture diagram
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Fig.2 Log data processing flow chart
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agent.sinks=hdfsSink #1% & Wi H & AR 7E H 55/home/
searchlogs/, X FF 4 H 5% T W SCHA AR LI, 5k 25 F 3 &% 3]
HDFS 1

agent.sources.spooldirSource.type=spooldir

agent.sources.spooldirSource.spoolDir=/home/searchlogs/

agent.sources.spooldirSource.channels=memoryChannel

#BLH sinks, 755 HDFS B9 url SR HbE

agent.sinks.hdfsSink.type=hdfs

agent.sinks.hdfsSink.hdfs.path=hdfs://masternode:9000/
flume/

agent.sinks.hdfsSink.channel=memoryChannel

#1E channel , 15 5 LA N AE 7 A T i

agent.channels.memoryChannel.type=memory

agent.channels.memoryChannel.capacity=100
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Fig. 3 MapReduce flowchart
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1) Map() PR TEEHCH 2558 b BRI (A7 4F HDFS
g B AL 48 Userld F1 Label 20 i Userld#Label , SRAE 4 Key;
H UKL Count VE2N Value, B 31K Count A1G 1. BE{E
X} <User#Label, Count>1E &5 HE A context, & 1% 25 Reduce
PREL, Map PR :
public static class MyMapClass extends Mapper<Object,
Text, Text, IntWritable>{
Minelndex /ET5 , value JEATNEE, context H T4 i Map
45
protected void map(LongWritable linelndex, Text value,
Context context){
final String[[splited = value.toString().split("#");
String userld=splited[0].split("=")[1];
String[ |labels=splited[2].split(" =") [1].split(",");//75 £ 53 ¥
A%, iR
for(String label:labels) {
Text record=new Text();//ii%% K1H
record.set(userld+"#"+label);//Key & Fuserld#label
context.write(record, new IntWritable(1));//Value fE47 1
1
2) Reduce() PR X # 95 User#Label #f 17 4 Jf , A [
User#Label 1] Value (BRI, TTHEE H 5 - 4TI 0 99 i
IR B A S, URBRRR 2 ACEBOR, R AR A (1) T
B B 2GERETY U:, 05 A A, SCHR P Userld,, 7€ R
HHE X <Userld, U>.
public static class MyReduceClass extends Reducer<Text,
IntWritable, Text, IntWritable>{
private IntWritable result=new IntWritable();/## 17 7% I
Reduce 45 5

Ilkey N userld#labels ; values /&= 2~ Map() i TAE &

public void reduce(Text key, Iterable<IntWritable>values,
Context context){

int tmp=0;

for (IntWritable val: values){
tmp=tmp-+val.get();

}

result.set(tmp);//ﬂgrg/l\ Map ISEER ]

context.write(key, result);//?ﬁﬁ.’:ﬂ e Ja L sk
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Fig. 4 Map function execution flow chart
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4.2.1 Android F#E % R 12

Android A7 2 i J7 1215 BRAE K < 5 1 o A T AR R
Android Cloud to Device Messaging (C2DM ) IR 45 R HERETH B, 5
S 2 IR S5 A R EUXMPP (AT JR3H B AL S L)
PRiUHEI% . XMPP 26T nl P AR 7 (XML) Y P, 2
Ty I ) I R HT P A App HERR T, O BSR4
T 2 A A3 AN, AR 2R G R HTIG 7 AOR S BRI 55

AR ZGER T XMPP PR ) R HEZE androidpn 2 55
B B HEIL IR S5 , B AL & % P s AR 55 i, 6146 T App %
F 5 R 55 e Z ) 2 2RSS B A S B T T B A HERE
422 HEERSIRIHAISEI

e 55 v 1 BB 5 App DA I 1, DAL
T T SRR | P S AR T M s FVR T SRS S T R
K FEE PR 2R AR

String title="7FBUR KA SR " /A5 IH B bR

String message="M"T H ], ** B Ui 1F & A S -
"G R

String uri="http://www.*** gov.cn/zhengcefabu.html" /% 1

I ‘5‘*5
H sk

String username="user1";//24+5 & F P {EE T, 3532 B0 TH
BRIP4
NotificationManager notify=new NotificationManager();
notify.sendBroadcast(apiKey, title, message, uri);/)” #5 1
K R L A
notify.sendNotifcationToUser(apiKey, username, title,
message, uri);//?E%mF ik
423 HEEE PRI
A S T BRI ST M R R AR A
THRE, B CAERC B SO, B I IR 55 a3 4% sl A 17 2
xmppHost=xmpp.*** gov.cn //HERL R 55 #5044
xmppPort=5222 //4E% AR 55w 1) it 1
7E Android B0 B A4 AndroidManifest.xml H7 , 5% & 138
pelli S
<service android:enabled="true"
android:name="org.androidpn.client.NotificationService"
android:label="NotificationService">
<intent—filter>
<action android:name="org.androidpn.client.
NotificationService"/>
</intent—filter>
</service>
Hk 1 App P27 i 33 NotificationReceiver 328 & 1% 3k
AOHER TS, , s B - AL, SR P AT RITH R, %
SRR A -
public final class NotificationReceiver extends
BroadcastReceiver {
public void onReceive(Context context, Intent intent) {
if(Constants. ACTION_SHOW_NOTIFICATION.equals
(intent.getAction())){
String title=intent.getStringExtra(Constants. TITLE):// 74 &,
Pt
String message=intent.getStringExtra(Constants. MESSAGE);
A BN
String uri=intent.getStringExtra(Constants. URI)://7H4 &,
PR D
1
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