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Abstract In the application of pulse—coupled neural network(PCNN), it is difficult to set the parameter of pulse—coupled neural network.

In the pulse—coupled neural network model, the linking coefficient 8 plays an important role. According to the relative entropy D(P, Q: t)

and standard deviation, educe an estimate formula that to set the linking coefficient 8 automatically in the simplified pulse —coupled

neural network model. Experimental results show that the algorithm gets a better visual effect when dealing liver hydatid disease image,

showing great adaptability.
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(c) Segmentation result by the
proposed algorithm
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Fig. 2 Comparison of image segmentation results for Mono—-hydatid cyst picture
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(a) Original image
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(b) Segmentation results by
Otsu threshold method

(c) ANHEESTEER
(c) Segmentation result by the
proposed algorithm
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Fig. 3 Comparison of image segmentation results of multiple hydatid cyst picture
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Fig. 4 Comparison of image segmentation results of Lena picture
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Fig. 5 Comparison of image segmentation results of blood picture
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