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Yy e im) 2 A6 & 3 4 573 SM EWESE, IIA TS = “in
situ” 26 B iR, LA R B 1700 &4 KXW (B E
2024 4F 7 A 10 H ), 3 — 253 B 57 0 & B804 e K (2

1 5lE
VK R AR B A B P A S R
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VA B 5 M R 5 ) EE A R A, WK (A0
TR 7 it 1) 2 A R0 IE LA B 58 3 0 Y /K (0, B3 4
BN TV 2 AR W b R AL 2 SR, SR K R
18 R R KB HE P o R S5 AR AE Web of Sci-
ence H' A TS = “Ocean Color” 1 TS = “Remote Sensing”
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9% T BRI PR R AT HLAR (DOC), BUkAT HLEK (POC).
SR VE ORI (TSM) MR B2, 77 Ui AE 0 2B o0 A Bk A&
JE2E A A LRI A S I e R ok
F 2055 AT B O A 580 Fr e 2 5m 4E , DS
NESF, LEBREFER 4R (DR AR
J A e = 4R 5 (2) BURT ] K R B0 A7t F 135
(3) [ K Mg P A5 vt s (4) B P9 A T LA B0l
o BT LSRRI B O A, B (8 P A AR M e
IE] P9 78 4348 AR 5% JIr it R B0H 4

ARSI T 29 AN RO K AT &, B
TE A RO - 15 L 0 1Bk 24 B0 b0 R T K
[ 7 270 SO0 3t IO SF- 5, = Bl BR 9 45 R ik I R &R,
- F 2 1 B 2 A H R BR 1 S R
AR 2 5 2738 T &1 5 AR08 10 500 25 18 DL B8
I A6 0 K (038 SR P i N 5 B 4 R K £ 18 R 5
WS HBAR R R 3L

2 P B

T[] 42 35K 08 T A7 BOBHE ~F- & AL 2 01 1l v, A7
A& 22 T R i R AR 2 403k % D 47 0 2 B i 4, 7
VR K 08 BT I rh B R il o A5 0 28 B 2 1)
RN A BB & LA B 431 1 7K 0 38 B 5T
rh (A B 4
21 (HEHE)

(Bl 2% B ¥5 ) ( Scientific Data, https://www.nature.
com/sdata/) & — A [A] 47 PF LAY FF ik 2K B0 ), fh
H AR Y RER A1 M0 b, FH T 4 3R R0 s 4R A 9T, A i A
FEE LR R . (B8R )i EE AR
RURBHR IR, ©R e R BURTE N 25 5 450tk i £
PR AGEG, = e I 7 — M HESE . BFREA
GOPE IR G2 R A= ) b BR Ak 2 A5 AR 1H 9 R PR T
JSUHT T G KICHIE 4, 7R 2R 3 S0 Y (] I b e AR 3k =
FERE DG E I e v, AR T K 0 38 SRR 5 TP A A
HZEEIZ 1 R,

22 (HIRRFRFHIE)

(L ER 2 52 Bl 24 B4 )( Earth System Science Data,
https://www .earth-system-science-data.net/) & H &f F1JE HH
Rt R A B P 355 2= B OR U ), B 7E KR A
KRR AR (4R ) B9 3G, e i %) M3k RSB AH
i P O O 0 R o CRE 2R B8 ) 8 T A
o, (b ek R e Bh 22 504 ) 322k 3R SC IS AR AL
i (B ) H 3, TF A0 s B0 19 SR 48 | A BRI G 2ok
2, I e s EE (5 ) R A TEAR G b . % 2 4]
28 1N T K 3R 0 W 98 B B AR T K 8 e Y
HRA R . Eod, MAREDAT 4 & 52— 2B H
(1) HPLC {38k B2 Bedin 4, JLHi4E 35 634 205K 11 136 1>
Y A1 A T E B, 78I A A A FIK (3 RS
Nz, A i R AT i VAR ) 2 A R, HE
PANEAGA #4i-F- & thIFICT 802,

2.3 ik SINE R 2 HUE H AR

Hh 3k 5 20 BE B HE MUk (PANGAEA, https://
www.pangaea.de/) {5 & R Gt /& — A HiIRRL 7 S 4 Tk
R 50, BAEVARY | ) MO 36 M Bk 3R G2 i T 5
Bl JoN R BRI FE G310 4F). PANGAEA
mAEAT I H | HLA BB A AN TR SRR T A
R R A R, T2 A B s B S RSO A S 56 B8
ZEHE E AR T (R0 ) R (b Bk R SR 2
i Y ) v e 22 18 Z2 A0 1 A ) b sk Ak g VR 2
JASE I e A 4, 36 3 9112 T PANGAEA H &8 43 48
It A S A T 7K 0 3 S 5 v ) 0
24 FHBELRGEE

FF s & A7 F 6 (Dryad) & —4~ %2 36 [ B K #BH
2 4 25 BF B i TR s B A A o & (https://datadry-
ad.org/), i J1 T A W58 B 00 T 75502 iR A
., VAHESh AT 58 9 & IO e Ak 4t 25 F 4% . Dryad %¢
P B P A7 1V A ) M BR A 2% RN ' 2 S A
T HU0E 5E (HH H PANGAEA %70 ), o3 4 5t 48 5 1
FZ BN 4 7% o Dryad B0 2 A7 G AL B A4 )

R1 (RFHE) ARBEREDIEARG
Table 1 Partial application cases of the data published in the Scientific Data

G IS Hudidk ZRATR L FZE 451
GLORIA-A globally representative hyperspectral in situ SCHR[17] acpom> Chl a, R, SDD, TSM  SCifik[12, 18]
dataset for optical sensing of water quality!'®!
A database of chlorophyll a in Australian waters''") DOI:10.4225/69/586£220c3708 Chla SCHk[20]
Concentrations and ratios of particulate organic carbon, DOI: 10.5061/dryad.d702p POC, PON, POP SCHik[10, 22]

nitrogen, and phosphorus in the global ocean!"!

Nutrient, pigment, suspended matter and turbidity measurements
in the Belgian part of the North Sea*”)

https://www.bco-dmo.org/dataset/526747
http://mda.vliz.be/

HPLC, TSM, &3, WUE  SCik[24]
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Table 2 Partial application cases of the data published in the Earth System Science Data

BlndEatig Blladk SR IR ES Y]
The MAREDAT global database of high performance liquid SCHik[26] HPLC iik[28-31]
chromatography marine pigment measurements'>”!
Coastcolour round robin data sets: a database to evaluate the performance of ~ 3CHik[33] Chl a, TSM, CDOM SCHR[12, 34]
algorithms for the retrieval of water quality parameters in coastal waters™>”
Photosynthesis—irradiance parameters of marine phytoplankton: HR[36] Chl a, oA 4RIBESH CHR[37]
synthesis of a global data set!*
A global compilation of in situ aquatic high spectral resolution inherent and HRI39] ot ACDOMs Bnaps Tps Aphs Dotors Dops €5 €y R, Reg SCTHR[24, 40]
apparent optical property data for remote sensing applications™!
Collection and analysis of a global marine phytoplankton CHik[42] Chl a, PP CHR[43]
primary-production dataset™*!!
The HYPERMAQ dataset: bio-optical properties of moderately SCHR[45] Chl a, HPLC, TSM, py, dio;, € CHR[46]
to extremely turbid waters!**!
A compilation of global bio-optical in situ data for ocean colour CHR[48] Chl g, ay, ayg, by Kd, Ry, TSM SCHR[12, 49]
satellite applications—version three!”)
% 3 PANGAEA H R4 #1478 Rz A 245
Table 3 Partial application cases of the data published in the PANGAEA
eSSl e e Btk ISVIES]]
b ER b2 HPLC The MAREDAT global database of high performance liquid ik
SR chromatography marine pigment measurements>®; [11, 29, 40, 54]
Global surface ocean HPLC phytoplankton pigments and hyperspectral remote sensing reflectance®”;
Global retrieval of diatom abundance based on phytoplankton pigments and satellite datal®"!;
Phytoplankton pigment concentrations in the South Atlantic Ocean””;
Phytoplankton pigment concentration and phytoplankton groups measured on water samples and from
radiometric measurements obtained during POLARSTERN cruise PS113 in the Atlantic Ocean”!
TSM Suspended particulate matter concentrations and organic matter fractions from water samples™! SCHR[56]
DOC Hydrographical, biogeochemical and biooptical water properties in the Mackenzie XHR[58-59]
Delta Region during 4 expeditions from spring to fall in 2019”"!
Chla GLORIA-A globally representative hyperspectral in situ dataset SCHK[46]
for optical sensing of water quality!'”’;
The HYPERMAQ dataset'*”;
A compilation of global bio-optical in situ data for ocean-colour satellite applications-version 308
POC Spring phytoplankton communities of the Labrador Sea (2005—2014): pigment signatures, —
photophysiology and elemental ratios'®”!
PP Global marine phytoplankton production dataset'*”! SCHR[61]
PFT-Chl a Global data sets of Chlorophyll a concentration for diatoms, coccolithophores SCHik[63]
(haptophytes) and cyanobacteria obtained from in sifu observations and satellite retrievals'®!
FW e R, GLORIA-A globally representative hyperspectral in situ dataset for optical sensing of water quality""”; Sk
(AOPs) CoastColour Round Robin datasets, Version 1% [12, 18, 32]
In situ high spectral resolution inherent and apparent optical
property data from diverse aquatic environments"”;
A compilation of global bio-optical in situ data for ocean-colour satellite applications-version 31*);
Global surface ocean HPLC phytoplankton pigments and
hyperspectral remote sensing reflectance®”;
The SeaSWIR dataset[M];
Remote sensing reflectance during POLARSTERN cruise ANT-XXV/1(%);
EiEEpicaary a, Properties of seawater and particulate matter from a WETLabs AC-S spectrophotometer SCHk[67]
(10Ps) and a WETLabs chlorophyll fluorometer mounted on the continuous surface water
sampling system during the Tara Oceans expedition 2009—2013!°°!
A, GLORIA-A globally representative hyperspectral in situ dataset for optical sensing of water quality'”! —
by, A compilation of global bio-optical in situ data for ocean-colour satellite applications-version 31* —

e 2FBOYE PRI 4 T oK B Jb vk 34 IR % K (1998—
2018 4F ) 1) A= 9 A6 22 i, TR s 40 7 296 3% TOPs,
AOPs, Chl a ¥ & FIIARSTEAE, M2 3E T AL vk w0 g4k

7= IR,
25 HFEEBIE

B 18 4548 ( Zenodo) F& — ™ TT T A4 A% 3% T 5% 44
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i B9 38 )5 (https://zenodo.org/), Hi Kk Y A% 1 B 55 41
GUT K, T ORAF MR BERT TS | B0m MR BN A, X
A NI . Zenodo B4 45 32 >k F Fir A BIF 53 450 35
BRI, A A% TR . R R o
¥ 5 s 1A% 2 Zenodo ¥4 FE {0 1 & wl AE VR AT
el N E S fdTH . Zenodo K4 2 Hh A7ift i) B4 4 78 K
038 I 5 rp AR, 5 B0 AR 5 I T R 4R
HEAT IR DG SE QN 5 T .

3 EREREE L

B T T RO SR B T 7, BOR 1] 18 a0 7t
V-6 GG R P DL Y A0 T LA B
B mp O YT 37 AS [ A BCH A o X Sl
BRI Rk AN L B5IAF 5 5 Argo I B 4 41
OV RO, V5 SO AR B SRR AR
T A2 T 2 B Y £ SR T K (R 3 BT S
Y
3.1 ERREFEHEMEILEP O

¥V Ei 40 A {7 L 28 4 v 0 (International Oce-
anographic Data and Information Exchange, IODE, https://
www.iode.org/) i1 Hk 5 [ Rk 3C2H 1< BUR 8] 16 9 2

R4 F 1961 FE R . Hag B = a2 gk 100 z
A BB ] 22 (8] FR) U P 2 B AN A BAS L, LA B ot

A HLP O B0 R R (975 2K i 56 g ﬁlﬂﬂ?ﬁi
KK JE . 10DE 4 oI gk }’E?ﬁﬂ%ﬁﬁ?ﬁﬁdﬁ

J2E (R80T T v L R A 1Y) B e FAE A, O e P 4
B SEHHE H 5% . TODE £ hot 3 2 A0 5 1884 4F
B4 MY BT A AW SRR . IR
= B & 4t (https://catalogue.odis.org/) 2 it T fr A 7 £&
ot p BT H s, SRAA SCEUE A AE R, P Rl
SRR, AR ITE LB AR BRI
32 #HRBFEHEE
TH: B 7 B0 72 (World Ocean Database, WOD, ht-
tps://www.ncei.noaa.gov/products/world-ocean-database/)
r 38 [ [ 5 i v AR A4S 1R (NOAA) [H K IR B A5
Bk, 2 A F R R Ag—. 2,
O JF AT B I ) T RS 2R S, JR T TODE I H A
Bl BRI EF AR AE ) THE, &
S 20 ZAERA NI L BRI WS N B AVECHE PR 5 T
R L [7] 5% 07 0 e AR . WOD B 1 B[] 325 B A
1772 45 28 4 S AT K S0 A0 D ke 1 i A 3 BT B
SRR . WOD fEAf 1 K H ok H A RN AR A5 T Bk

# 4 Dryad HEBST HIHE M ARG
Table 4 Partial application cases of the data published in the Dryad

Kl ZRAFR 37 FHZE 051
Bio-optical Database of the Arctic Ocean [DOI: 10.5061/dryad.cnp5hqc17] Ry, Kd, ayoy @y byors by, POC, Chl a SCHK[27]
Data from: Concentrations and ratios of particulate organic carbon, nitrogen, POC, PON, POP SCHk[21]
and phosphorus in the global ocean [DOI: 10.5061/dryad.d702p]
A synthetic database of hyperspectral ocean optical properties [DOI: 10.6076/D1630T] Ry CHR[68]
Data from: Effects of sea ice cover on satellite-detected primary PP SCHik[69]
production in the Arctic Ocean [DOI: 10.5061/dryad.34f4q]
Tracking freshwater browning and coastal water darkening from boreal forests Chl a, SDD SCHik[70]
to the Arctic Ocean [DOI: 10.5061/dryad.xwdbrv1gq]
R 5 Zenodo FER 5 HE N I
Table 5 Partial application cases of the data published in the Zenodo
Kl e C IV ES]
Baltic Sea shipborne Hyperspectral Reflectance data from 2016. Ry ik

[DOI: 10.5281/zenodo.5572537]

Data set for the paper: Intercomparison of ocean colour algorithms for picophytoplankton

[12,71]
Pico-Cyyy CHK[31]

carbon in the ocean. [DOI: 10.5281/zenodo.1067229]

Particulate organic carbon and particulate organic nitrogen concentrations and stable isotope composition of seawater sampled during the
Antarctic Circumnavigation Expedition (ACE) during the Austral Summer of 2016/2017. [DOI: 10.5281/zenodo.3859515]

Phytoplankton pigment concentrations of seawater sampled during the Antarctic Circumnavigation Expedition (ACE)

POC, 3CHk[72]
PON

HPLC CHK[73]

during the Austral Summer of 2016/2017. [DOI: 10.5281/zenodo.3816726]

Particulate light absorption coefficients (350—750 nm) measured using the filter pad method during the Antarctic a,  SCHR[73]
Circumnavigation Expedition (ACE) during the austral summer of 2016/2017. [DOI: 10.5281/zenodo.3993096]

Sky irradiance over photosynthetically active radiation wavelengths (400—700 nm) recorded shipboard during the Antarctic

PAR  CHK[73]

Circumnavigation Expedition (ACE) during the Austral Summer of 2016/2017. [DOI: 10.5281/zenod0.3859836]
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MY B A MR YR, AT HdE 18 5 4k
Pt sAEA, HE P T T 2.
3.3 wBEFEHEN

TF ¥ PE ™ ( SeaDataNet, https://www.seadatanet.
org/), s WK B 27 7S HE ZR T R0] 1 — STz R 1 5048 45 2
LRl B, T Bk B R [ 500l T A R
O Y D7 0 e A A o 2 PR RO 0 B9 B R
#4115 SeaDataNet A M4l R 5| KA HEAE K &Y
RAFF YR, Y A S R AL P
T #R, WAL EE DA 1805 4F 2 A, AT H] T /K 8 3 J8 S T
R TF R B B e,
34 ERBFEREESR

R 18 ¥ 2% 25 B 95 £ (International Council for the
Exploration of the Sea, ICES, https://www.ices.dk/) T
1902 AR 1E P} 22 BT, & — > 553 U i R A 2 9 v R
B BUMN )R S, BU T AL XA
SRUE TR O] R ZE ) T 19 23 IE TR A9 375 5K

ICES &1t 1877 4F 24, (L &g AR HuHE | K
SCRIAR BT A SR B B, A7 Al B O SR A DX =
B AR AE R VGVE L ALK U, Horbifg . RS
Thp e, P A AR T SR OT T B o X TR K
18 M 5T, ICES $i2 it 7 W] & (SDD) ., il Al 4 2 71
F1 Chl a ¥ JF SF 504, Ciavatta 28079 F) F ICES £0 4%
PR IR | ERRE | B FRER . Chl o ¥R IS S5 S BT
KA B T8 B AR S RE SR T[R4k R Tl A S R L
R, (S ASE R O e b S0 7 D A WU R P 454
3.5 ScaWiFS ¥R FHEMEM RS

e 1 I M A AR s (NASA) I3 A My Ak 38 /N 4
(OBPG) #4735 — AV FI R AUAH OC 18 J5U KA A7 it
JE SeaWiFS A= ¥l %7 14 58 FI 77 fifk 2 5¢ ( SeaWiFS
Bio-optical Archive and Storage System, SeaBASS, https://
seabass.gsfc.nasa.gov/), LA 32 1§ T B 1 J& 7™ i B ik . 53
BIF R 2 S R A . X — RGmAI N Sea-
WiFS 3 H T &, FH T IF R A HE AR 1 2, LIXS 4 5
N2 R R ) 8 R K HE AT 2 H, Werdell 5509 Xt
WEHEAT T VR o A7 RSN TR 25 3 I 1933 4F 2
%, fl3% AOPs, 10Ps, A=Wy Bk 1k "7 25, DL HoAls
LEP S TRE R NG W €1 (1 T BN 2 N @ o |
AOD % o P AT AR 9 75 5K B R T #OB , s
i JEUAL I A 5 TR e = R) A SE Y P s DT R
M, 58 ok B UEAT R, HEAR T 85 TLRILE G 1
Ktk .

T SeaBASS - f5 i A2 T3 v /K i gk, [ P 4
FHHET SeaBASS HAFfift BB A b AT TR B B

SEPERSUEFN T A K (k. Hor, e B R WO
TR R RPEAL R AALIET™ | Kd 38 B T, 7K
PR3 2507 L 5E 020 A ) R Ak 2 2 50k B T 5
Chla ¥ J3 1% J&% Sz 8 5 POC ¥ B 228 Jg o i 1O 15 %581
T AL ) SIS A 2 J% S Y1 R TSM VR 2 32 J B 19

BR T L H ] SeaBASS H Y %4 , Lehmann 550!
XF SeaBASS H ARG BRI LA Jr B Ab B, A= i
TR S R 5 (GLORIA), Jf-7E PANGAEA
B4 7 JF R #0075 OBPG ¥4 SeaBASS H 17 fif 1Y
L, TOPs FlI Chl @ ¥ Ji 25 ] 2L WL B4 1 4 1 — 142
BRYGFL e o Y AR W0 2 B 2 (NASA bio-Optical
Marine Algorithm Data set, NOMAD), { it 4~ NOMAD
HUdE 4 (Version 2.0) 114 F 1991-2007 4F ) JE 437 1
B, H 7 SeaBASS I R 2,

BMATT, SeaBASS J2: ¥ T 7K (5 18 BT 52 3 B
AL HHE e R B, b B0 S R S A
TR IR, HE B 2 B P K e kAR
3.6 EMAMUEGFEHIEEEINE

A W) A 2 U VE A B 45 B 2 = (Biological
and Chemical Oceanography Data Management Office,
BCO-DMO, http://bco-dmo.org/) H ) & 7E £k $2 it 3&
A R4 2 B B I H 98U FIAR G /5 B . BCO-
DMO $dli R G Ak 1 A [ 2680 1 Z2 4> B 4, ik (]
5 2 N 1949 4F 2 4, 4045 £ W) (Chl a ¥ . HPLC (8
RWEESE) A F CEFREL . WA . A AL %
M2 B B2 (pH) . ¥ fif A AL (DOC) ., ¥ fif JC ALk (DIC)
S5 ) AT IR | #h B2 A AE) TEN Y 1000 £ 55
M 240, o3 TR

BCO-DMO % 4if 3 4t fi2 3t ity % 4l 75 T 7 K (0 3%
A G T R A . Cetini¢ S5 f ] 2008 45
J6 R PG VE AR S I H rh IO S AR W) ek 1k
SRR HIF T B R T 10Ps 5 POC FIVF i Al M e vk
Z BBy 5% . Evers-King &1 fiff | POC JE i £ 4
VG T 24> POC ¥R BE s 512 1 T 51 ; Bonelli 55
A Z AWK BE M T CDOM 1 DOC ¥ JE 1) )2
18 5478 5 Arteaga 45 ffi il PP U4 /7 45 & BGC-Argo
vl T RS , A SRR 5 2 R T R ) D PP Park 25U {1
Chl @ ¥ & K G 1 v 0 % it X S8 Chl @ 7 i
BRIAE
37 ZEBFEBESO

B [ Y s 0 (Brritish Oceanographic Data Cen-
tre, BODC, https://www.bodc.ac.uk/) & — ™1 57 & HL Al
R A T A 55 SR 1 S 1 [ K P, J& T IODE
TiH 5L, PR AR IE R AT R R AT BE S O A R


https://www.seadatanet.org/
https://www.seadatanet.org/
https://www.ices.dk/
https://seabass.gsfc.nasa.gov/
https://seabass.gsfc.nasa.gov/
http://bco-dmo.org/
http://bco-dmo.org/
http://bco-dmo.org/
https://www.bodc.ac.uk/

2 ARSI AR K @R R I B S o B 2Rk

113

BODC 447 #1 & & T [ G20 1 2 B0HR 122, 5 s == 22
ok B 95 [ BT HUAL A VR AR A . B
A8 KA IFPEIL A | W T BRI P A ) S R A
SRR 2 15 T ] FHECHE, e JR) S RN 1842 4R
F A ok [ TR A I RN K 3% A P A HURCHE 4 .
BODC 4 i Hh A7 it B R WSO A R P4 ¥ 1 4
P 4E , Hov KV ¥ £ 1a] B K7 1 ( Atlantic Meridional
Transect, AMT) L 7% [ 1995 4F i3 3 LA K, 45 4F £ 25 [
F R R PGV 22 8] B AT b R ARV B L A R AL
SR, MR A ES ARG (B 1), AMT ik 3L
i A K o B U I A . A
I AMT fifg ¥k b I & 19 POC F1IE 76 2 B 4w, it
POC 19 't 2% 3 i S 1 S 800 8 R i B kAT 1 K i
gyuozesteson gty 2 A AMT fii IR [ 2 % 48 1
R DL R SURL ) A5 B B FH O R RN e A
Py R L 2 2 B0 B AR Y o590 i 5 A () A%
LY G 00100 DR A K (8 7 i R R0
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Fig. 1 AMT22-26 cruises CTD sampling points (the back-
ground is OC-CCI monthly average Chl a concentration

product in March 2023)

3.8 HEEZXREFMNFHEDOC

rh [ 5 0 T B Bl O Chittps:/mds.nmdis.
org.en/) HH B R HAF B bk, BRE& Z R it
] i 1, 1 ) [ B PR P 4R R S R gy, T
2023 445 A TODE 12808 Hh O A7 it 3 [ i A ¥ i o
KRBT, W Z 5 5L | REREFZE 55l
WU [ PR A2 4 50RE, I J [ N Ah 22 B 2 R 1 iV

Bl B A A, 2 I B 5 A ko B, S R e
() 25 J32 D\ 1846 4F 22 4, S I 0415 258 B A0 455 v 1 7K 3
AW AL B BRSO U A P MR Ak 2 R A
TRE . HARRER ., Z/R 2 WKR A AT R
KRN Chl a WREE . POC R BE | I i A 4 A2 ) &
I AE 7 07 85 K B, AT T K 0 3 o Gt
5€, F P AT DA 5 5Kk 50 2% T 2 T .
3.9 AR I F HHE W

H 2006 4 DL, 1R E /Y 256 1 0L R 42
— LA YK R IV T YA R Y AT 2 5 25 1 00 T
WA o WK R I 15 ¥ 2040 ) ( Australian Ocean Data
Network, AODN, http://portal.aodn.org.au/) 2 it fr 45 ¥
AR RIS T v R A B B s, P RERE AT A
H M 3% BTG 4%, )& T IODE i H a1 . AODN ¥
e SR /R N RE A CE Y/ NS TR SR s A VWS SITRE Y BLIE €1
BEF PR 3k, B N 1844 4R B4, FEORE TR
AN 72 DI, 2D 43 A T T R RV o

AODN [ 3 Hr 42 43k [1 1965 4F LUK (9 Chl a #¢ JiE
B4, i Davies 8509 3 BT 2 i 8 KA 7K A& Chl @
Ve B BR P . BR UL Z A, Chl a & B F1 HPLC 4 3 ik
JE AR Sy A BR AR W' 2 D A DN e B0 AR 1 i —
g3, 43 B RR 2 JRy 7K 8, S5 A8 168 1 (Ocean Colour
Climate Change Initiative, OC-CCI) i 7K 6, 7= f& L) & FF
AR )R Y FURL DL 25 H0 S AL 109 Schroeder
Zgnos) i Y R BE T & T 1% F T Sentinel-3 OLCI (Ocean
and Land Color Instrument) 1& /8 #% (14 3T 2 7K 7R KA AR
IEF7L . AODN HUREAE T — A EWOG#50 e, A
& A 4 KR 1) TOPs, AOPs Fil 25 ¥ Bk 1k 2% 80 5%,
A BT HE S O 5 AR W b BR AL A 2 8 TR Y g
— B .
3.10 HAEEFHTEH DO

H 2 3 205 .0 (Japan Oceanographic Data Cen-
ter, JODC, https://www.jodc.go.jp/) &&= H 7 f) &5 & 1 7
W R, WCHE AAS B A AR 45 A 2 (AR U ALA . R
27 R L Ath v VE A 5T ML AG ) UL DU A i AR R, R T
IODE % H Jif 51 . JODC i {r £ 48 ot =, Iy JH 4
it H A e A L AR SR I TR
M 1772 4E = 4>, Siswanto 251 F| F JODC H 42 {1
Chl a 204, WAL 1738 H T 4R h B AR 30 09 90 9 7
JIRERY
3.1 mAERIEEFELSIERE

IR JE I ol 75 4 8 5 (California Cooper-
ative Oceanic Fisheries Investigations, CalCOFI, https://
calcofi.org/) J2& N FI 4 J& 2 72 A 09— AN B A S &
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GEWFIE I H , A R W B AL A A
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Fig.2 CalCOFI sampling grid (the background is OC-CCI

monthly average Chl a concentration product in March 2023)
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WA T ) Kd S e 000,

3.12 ERMEENR

T = AN 7 WL 2% (CoastWatch-OceanWatch, https:/
coastwatch.noaa.gov/insitu/insituSearch.html) Hi 3& [& NO-
AA R, B TR B A AT AR ORI 4 BRORT X BT
BOBCHE, T T R I N . CoastWatch-Ocean-
Watch H 40 18— I A, T 7 7K 60 550080 122, 28U e v
RO S S AR B8 S ORI R 2 B BE R rh 4R
At 07 £ ok B 20142021 4R (19 Z2 DMK, F 25
A1 T 38 ] AR RN V5 S v v X3, A 5 M 2% A Chla
W B AE RO, T AR 2K AR A K e i R ATE Y B A A
P S o
3.13 HE®REEFHESO

Fh [ B TR I VR 2R R0 (http://data.scsio.ac.cn/) B,
ST 2010 4, B A2 IR Vi b O I ) > 60 << 00 51 4 S
HIR P RAR F, BUAMD L g Lm0 g s TAEBL, 4
ENE P oy R N T W NI T 287t o1 TN e N 39 A T
PEFNGTRE . e I R PO AR T 1959 4E R A
B TR 2 2 B I L I O 4 L AR 35 000 24 il

B, AT KRR YA b 5T k) 21
VR VE M SRR DGR . T AT AR B R AE - B
TE T Bl B o b [R5 4 Y TOPs A A= ) 1k 2
SR T 50K 3 8 AR e R g AR Ao,
3.4 BEBERBERPERERPEIH RO

TR B B 1986 4 e X 7 1 15 35k 50 ife 16
KK BT WD R G B H AE 76 4 W T s
A7 7K BT Wa i s &5 A~ A AE 18 AT b 3 XU b 45 37 7K
JoT 0 5 g2 AEAE 60 A W I sl X v IR O AR A i AT
W 3), PREE LR B 3l A0 (hitps://ed.epic.epd.gov.
hk/EPICDI/) 7 7 #E PR OR 47 28 2 LI 55 10 1 AR 458, 1ol
FH P AR AR 7K K BT W B, AL TV AL 2 A ) A
s

113.4° 113.8° 114.2° 1H46W
2320
N o AKBEHEIG (BE A B —K)
: o KBRS (EPAARN—%) (] 10
o YLAIMEIN (R PRI — 1K)
13 ~
22.8° 5
&
11 g
i
los %
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o1 =
, 0.03
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Pl 3 A BB R B b PO AR A A G R
2023 £ 3 H OC-CCI H *¥-34 Chl a ¥ FE 7= i)
Fig. 3 Hong Kong Environmental Protection Interactive
Centre sampling points (the background is OC-CCI monthly

average Chl a concentration product in March 2023)

WS ORI BBl 0 AT K 5 i D R T T
TR AU K 238 SR 5T . Nazeer 551 i F TSS Al
Chl a Ve FE 08 R K AR 2 43 W ol 3 1O 24 38
B2 52 ARk B0 K Bt 2 80 R S T A5 R, HE— 2R R
(1) Chl a ¥ BE [ {8 535 11, Ma S50 JE T Lg% 2 7
DA T B B K BT S B R R A T BRI O
B 8] 3 B 0 K B AR Ak . Liu 25809 ff % 5000 4
TRV DX 3K 09 9 1 2% 2 800 0 T A5 4l ) A 1 TE B 1R
AR Wl B S AR
3.15 FEFHEEYIEREAE

FF 8L 2 W AR W0 3% (Continuous Plankton Recorder,
CPR, https://www.cprsurvey.org/) H1 3 [ I v 4= 9y tp 2=
ATTIBE, T 1931 I A Wi A, AT 13— i
20 B RS A I, SRy R SR ESR  E  Ae
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CPR ¥ £ 42 b 78 3 1 30 ~F- 25 7 Ui A 4
T Wesh W) W) Fl B o Raitsos!™ "7 & $ CPR i ¢
P2 B PR AL B 45 K0S SeaWiFS 3845 (9 Chl a
At AT B B — B, W] UAF CPR I8 A %4 1a) i 4
1 Chl a ¥ B AN E] PP 91 A2 4k o 7K (4% RS S i 1
FI Y PAR {5 5L 25616 32 100 BE S5 5, T DA o i
BTG B, 5 CRP ] 2 B4 AH DG PE B R s g
T SRR 1 R N 23 B 5 BE D 55 CPR A A i W b A5
KL R 2 i R BRI R R AR ) 5 0 AR A TR
3.16 MHRBRKBESHR

A 7K B K B 4 25 F 9€ ( Palmer Long-Term Ecolo-
gical Research, Palmer LTER, https:/pallter.marine.rut-
gers.edu/) 71X 1 35 6 [E K Bl 22 3 4 S 00 B, HAFR X
BN BRSSP, BRI R A S RS
Palmer ufi {37 9 B 9 2 & v & B9 2 91 34 & (64°42'S,
64°00'W ), Palmer LTER 1| 76 Fg ¢ 2 & P4 ¥ /5 ¢ 37
TR (K 4), 5345 B Z= 0w P 5 0 AR A
W, IF-7E Palmer 3 PUAT B K 2 55 5 o] — R A /R
R, P 3k 222 R 4R 1 A AL, W R SR AU U 5 1
UK AEWOC R L WD T T A ) A i A
Y 5 B N 2H 0 AE S 0, ) T B R AN 1989 4F &
4o F P T i) Palmer LTER ¥ 34 ok SeaBASS T #

75o 70° _ 65°. ‘ 60° W 20

« Palmer LTER
* Palmery

(=]
-4k aik FE/(mg-m)
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P 4 Palmer LTER A M #% (# 5k 2023 4F 3 A
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Fig. 4 Palmer LTER sampling grid (the background is OC-
CCI monthly average Chl a concentration
product in March 2023)
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Chl a 1& J8% 7™ & 76 T A B 0 6 A 0o A Sy 42 3K
Ji A7 K530 B 1) — P 43 AT T Ui AL ) DS T RUASE ) 45 4
*H;éb}l:%“m’uﬂo

4 TEEPERCIN ] 0 LI 3t o S H

X U T S A A G 1Y 728 B R AT I TR] 51 UL
A B TR T A BRAUAE 78 Al FIVE TR M R O
ACII R o SR, 22 AR 7 4 35K F I e T v
s [) 7 470 (%) U 2 70 e R ), Sl R L
TH F2F 1) 7 A R S0 A 0 45 T B, Wi 1 I ) e 4
J22 T T T A ) MR A B . R TR TR g
SRS A, 0 AR VA 5 S T R A T B
A 4 %O 2 AR B A, AT AR HRUKC B E] F 41 9 AOD,
Ey Fl RJL,, 558540 o 33 20 96 v A I (1] 7 270 SO0 10 3 1)
BB 2 N T K AR S R AUE b . BT
RN LSRRG 0, HE— D0 K 07 i 5 3 T S AT
Fil5 3 B, e AN T) RUBE A R 0 45 2R, 9k 0 4 R
2R, SEIUCHEVE R SRR . T H TR
o 3 SR AT 5 0 W00 3 ) 2 5 1 VE ' 47 1F A5 (Marine
Optical BuoY, MOBY). 1 B [8] /7 41| Y 2% V% 4% ( Bouée
pour l'acquisition de Séries Optiques a Long Terme,
BOUSSOLE); 5.7 & H 35 M 4% ( Aerosol Robotic Net-
work, AERONET); 1 %% K K 74 ¥ B 8] )3 51 f 5% ( Ber-
muda Atlantic Time-series Study, BATS). X J& 3% ¥ 1
i [a] 2 %1 (Hawaii Ocean Time-series, HOT); BN g |
E I YV A5} 6] i %71 33 ( European Station for Time-Series
in the Ocean of the Canary Islands, ESTOC); # %< ¥ )t
238 SR bR 33 RO B R AE A BR Y Ak =),
Hozs ) 43 Pl s s, DA K 2024 4F 6 H gAY
Hb BR Ak 27 5 1 7% Fr ( Biogeochemical Argo, BGC-Argo)
25 [ oA W El 6 i .
4.1 BEFEXZFER

G2 IFAR (MOBY) (https:/mlml.sjsu.edu/moby/)
J& NOAA %t Bl i) — A S OG5 PR bR, 45 IR 18 B R
P25 B BT (20°49.0'N, 157°11.5'W), H A& X i 7
K % JE& 2% ( Moderate Resolution Imaging Spectrora-
diometer, MODIS) #E A7 H AR E AR, X RGEWITHT
W A ST 2R )Z (1 m, 5 m AT 9 m) FTECS i 7
9 BA G, ) P e 9k 341 1997 4F 7 H =4/ A] I
A R L, R 3R T4 B 7™

MOBY %4 i JH 7 & [Fl HY-1C L2 E#F8 i K
6, 7K 3% 3 4% 1% ( Chinese Ocean Color and Temperature
Scanner, COCTS) 1 # X % #7 "%, VIIRS (Visible in-
frared Imaging Radiometer) F1 MODIS 1% Ji% 2% 7K {6, 12 /&%
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472023 45 3 A OC-CCI A ¥ Chl a ¥ B &)
ervation station networks (the background is OC-CCI monthly
product in March 2023)
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Fig. 6 Global BGC-Argo spatial distribution (June 2024, from https://biogeochemical-argo.org/float-map-network-status-maps.php)

FEARZHL L, B R, 77 G R BEVEAR 1220 Wang S0
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H T MOBY 7£ 75 [ 43 Afi b By 5 — 1, 3
# MOBY 5 AERONET-Ocean Color (AERONET-OC)
SGHAREE G, 0T TR 5 R A B0 22 8] A [ B 23 DG il
UE SR IEEAE SR RSN R (RS eX A ViU Ps)
155 T8 B BAE 5 X RS IE AN B G P 11 T gk 19
DL RS 55 VIIRS A& 8% /K €87 i () FL S PR,
4.2 KEEF S FZRR

K} 6] FE 419 2 3% bR (BOUSSOLE) 3 H (http://

www.obs-vlfr.fr/Boussole/) B 1 F & 7. 1 1 Y6 F e vk
(18 B 16 3 50 50l 46 DA SRR AR 6 2E T L RS HE TRV
KA T = i, IR BRI S = i Y B . K
It PR — 1~ 0 5 A b H g P bR A A R T B T O
VRS (43°22'N, 7°54'E) FAE W iy 49 . 4iiA
PR L RS 2003 4F 9 A LR KT PR AR I AR
[ VR B (4 m F 9 m) A 58 IR | I &t 3 50 00 RN 3 4y
10Ps B4 (o AT byo)s M DN B0 HE A0 75 32 )2 % 200 m 11
11 A V) o 8 B8 140 L 2 00 s %) VA P Y 2 R LA e S 56
Y HPLC 17 IR 4 (0 % M a, S5 80
BOUSSOLE i {1 %) 4 5 B2 27 % 4% 1 T SeaWi-
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FS. MODIS-Aqua il MERIS 1% J&& #% 35 B 1) 85 /K 2 5t
R (p,) 77 i i ELSEPEAR 55159, BOUSSOLE #6241t K
i XM TOPs FlAE W6 2@ 8l , {23 1 b i CDOM
FIVE e P 55 624 e B 5T . Organelli 617 23 #t
T HE VI acpo P ZETHE B, I HL AT O 050 1
AT T 2 o0 O e/ e In] U A R 1Y) T it A
YR G 25 4 S A R0 Kheireddine 551 & 3L ¢, #l
by, W AR AL SR UFAE Y R E R AR G, S5
HPLC 77 A (0 % B4, Kramer 25029 % 8] HPLC (3
R0 T 2Bk R M 4 AR R A T
S 38 JE G B 5 Navarro 5040 FF & 1 3 T Hi v ifg X 3
) T Ui A 40 ) R 2 AR SRR R AR | 5 5 o 2 A A8 i A 4
HE, I LT R HAt X e,

43 SEKBEHMNE

K 8 3 M 4% (AERONET) 3% (https:/aeronet.
gsfc.nasa.gov/) /& H1 NASA F1 PHOTONS # 37 1% Hb [fif
T BT RS T 45 B B, I3 5 R TR R LA B A
NAAEDJ2 UL ) 4% . AERONET 42 it 1992 4F % 4>
1) 4 R B 2206 1% S0 IO 2 )R BE (AOD) . S i
ST it CRLAR 3 A1 . 24T 56 48 B05% ) RS [a] S0 I
SRZS TR 4 AT Bk B UL H 3

AERONET-OC J& AERONET it %1 iy — /> 2H Ji 3%
gy, FIRAG B AEAT 1 Mg P2 3 M s S5 R &
R R BG4 2002 4E 2 4 400~ 1 020 nm
P K DX E) P Y 9 ANk BEAL Y L, SRR U4, AER-
ONET-OC #& fit Level-1.0. Level-1.5. Level-2.0 3 >4
G L, 7=, Level-2.0 2% 31 7= i o &2 d5e e, 1Y AR
P F 7 248 A PR B 7 T )

W b R G E R R TR AR IE R &
KT, T AERONET 723K [ A % 1 R Hb ol
&, A AERONET #2 it 5 AOD %4 8 132 i FH T
AU AT 1) S ST 5 PPl 04l T AOD SRV SRR 1
B 3E 021, AERONET-OC 3 #5142 1t %1 &b 1) 2 % 1%
L, Blcds, 3 52 78 A [R] 33 7 FH A 3] % 00 2t 28 5 F0 R
T HEAT bR o A i, FOECHE B I R R IE R
ARG IE Sk e so s gl 2 ARy T AR RS [R] S
A7 B RIS [ 25 B TR A, Miiller 551K MOBY
BOUSSOLE F1 AERONET-OC #2 it i) 5 48 1 4 )5 . #F
VAR KL IEB T B 5 1% .

4.4 EYHEKLFEF HIFR

A MR AL 2 B THNE AR (BGC-Argo) 7 H (https:/
biogeochemical-argo.org/) § 7£ F & — 1~ fH Argo 1]
TEAR b1 A2 W i 3R Ak 27 A% T2 A L) 2 Bk I 2%, LAAE
A ERRUBE - W00 O S 1 Vg V2R M R Ak 2 S 0

FHEL T AL B 1) Argo T7 bR DU ot 1) R 5 L 35 B8 A3k B 4%
i, BGC-Argo il H % #h 2 it 2002 4F 2 4 1 15 il %
B2 el B2 (pH) . MR #h . AT 4R M BL [E,, 380( B 443).
412 1490 nm], B DG A SRS 2R 5O
DG 5 10 B 28K (b, 700 nm) BCHE L FH P T 4%
BGC-Argo 4% /& X4 Jif 4 BR R 1 50408 o 5 oK 96
2 FAE W) A AR JR 0, HET 2 ERE A 500 24
BGC-Argo H # iz 17, 25 [l 0 A an & 6 i s (B =
2024 46 ).

BGC-Argo HU4E 9 ) 1z i F T 1 1 K €877 o 4%
UE, 7K €87 A s S B A = R E R . &
it — RN EUETAE, /K OfE AR R, Chla, b,,.
K, %57 i ¥ 5 BGC-Argo B8 A B bf i — koo,
454 BGC-Argo £t i &) i A= W) 6 Bl , 535 X 2
AN W b R 2 2 BN T A3 A AT A O, e A
FITE POC ¥ 7, POC 38 t 7, /N [ 448 JHURE 6] ffk 8
Y TTER T, KR GG A R S0, R I PP A
& WEE BOICEUE 932 A0 15 N, BGC-Argo A 1l
7K AR 18 R S BRI ) R EEEE IR, BGC-Argo b 7T
B L, AT AR S FATHE — 25 1 i T 2 W ek
Tl T R A g A A
4.5 RiGHTE 5K TG

1988 4F, Hy SE [ FH SRR 27 B 4 SRR T 1 AN IR
Vg B 1] 5 30 7K SCk, 43 AL T b RSP S A PR X
I 1Y B g8 3 [t 4T (HOT, https://hahana.soest.hawaii.edu/
hot/) Fl AL I PG ¥ P4 #5521 3 DX 5% K BT 1 5
JE % i (BATS, https://bats.bios.asu.edu/), % HAp &
30 o A S R B RV AR SO, R AT R s ] ) 4 B A AR
Wy b3k Ak A UL O fige R AR AL

HOT 1301 2 — X0 K& R 11 R 100 e 928 0 YR 00 52
5, #I0 v ALOHA o7 T 5 g 98 FL#H & 3L #8 %Y 100 km
Ak (22°46°N, 158°5.5'W), & J] Hif 2 ALOHA i A —
WK, REB AT B0 R 45 T A/EAE ALOHA 3 DA i 11 1) BE 29
TS 10 m LAWY DXCBCHE AT, AR5 A AE 9 93 B o
HOT i %] $2 fit 1988 4F = 4~ i 1 ¥ ot 2% ( AOD. E,.
PARSE). W3R (IR B2 . R R 45 ). fh 2= (FH TR
i BERR Eh 4 ) F14E ¥ (Chl a. HPLC. PP 45 ) %4, H
9 RO F BUE 7 N SeaBASS H AR B, H:Ath R 4
] A HOT %% #i& & 4t (HOT-DOGS, http://hahana.soest.
hawaii.edu/hot/hot-dogs) F #% .

BATS [F] FF 2 J5 4 Y1 38 AT Ay V8 3z v 08 300) =2
55, A 1988 4F 10 H &, B H A4 55 BATS(31°40'N,
64°10'W) HAT 4~5 d I RAE, REFIRE W REE
4600 m, BATS #2 4t 5 HOT %1 A8 1L 49 B 4, FH P2
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Table A1 Glossary of abbreviations

w5 YESCAFR LA &
Acpom Absorption coefficient by the colored dissolved organic matter A OEA IR 25
AOD Aerosol optical depth SRR R
AOP Apparent optical property TG IE
agq Detrital plus CDOM absorption coefficient e 50 R A DL RICR B A
Apap Absorption coefficient by the non-algal particles BRI R R
a, Absorption coefficient by the particles PR IRILI T &Y i
ay, Absorption coefficient by the phytoplankton Rl U e
Aoy Total absorption coefficient BRCR L
bbp Particulate backscattering coefficients BRI I Tl U R AR
Dot Total backscattering coefficients N E O CIEY
Crot Beam attenuation coefficient T R 5L
I Particulate attenuation coefficient EIL IR BERTES L
CDOM Colored dissolved organic matter HEOEAIY)
Chla Chlorophyll-a 4t -a
DOC Dissolved Organic Carbon AR LK
Eq Downward irradiance AR
HPLC High Performance Liquid Chromatography e RO L1
Kd Diffuse attenuation coefficient 18I R R AL
10P Inherent optical properties AR
L, Water-leaving radiance KR
Ly Normalized water-leaving radiance H—fb B K AR
PAR Photosynthetically active radiation HeAHRBGES
PFT Phytoplankton functional type IFIHE Y DI REZE AL
Pico-Cpy Pico- Phytoplankton carbon PicoZ it
POC Particulate organic carbon UKL HLEK
PON Particulate organic nitrogen WORLA HLA
POP Particulate organic phosphorus TURLA AL
PP Primary production WA=
PSD Particle size distribution BB RLAR A
R Irradiance reflectance R R SR
Ry Remote sensing reflectance TSRS
SDD Secchi disk depth BEUE
TSM Total suspended matter BRI
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45 YL AR LI &
TSS Total suspended solids R R
Pw Water-leaving reflectance [EYNSETES
A2 HEAZFEMUGCE
Table A2 Summary of data-sharing platform websites
) FHAH WAE[20234F11H]
2.1 (Rl %45 X Scientific Data) https://www.nature.com/sdata/
2.2 CHuER R GUR % )(Earth System Science Data) https://www.earth-system-science-data.net/
23 R IR 1 Mt —PANGAEA https://www.pangaea.de/
2.4 FEICEARE & A F 5—Dryad https://datadryad.org/
2.5 7 B 43 —Zenodo https://zenodo.org/
3.1 FEl PRI AL B 284 rhu0 (IODE) https://www.iode.org/
3.2 SR 2 (WOD) https://www.ncei.noaa.gov/products/world-ocean-database/
33 WFPEEAE M (SeaDataNet ) https://www.seadatanet.org/
34 PRI % 2535 23 (ICES) https://www.ices.dk/
35 SeaWiFSAYI G A AT 2 4t (SeaBASS) https://seabass.gsfc.nasa.gov/
3.6 APk 2 P2 R A P % (BCO-DMO) http://bco-dmo.org/
3.7 B EEE R .0 (BODC) https://www.bodc.ac.uk/
3.8 o ] [ G R AR s https://mds.nmdis.org.cn/
3.9 TRKAHN I8 RN (AODN) http://portal.aodn.org.au/
3.10 H A4 .0 (JODC) https://www.jode.go.jp/
3.11 A e S Ol A A R A5 (Cal COF) https://calcofi.org/
3.12 I R AN 5% (CoastWatch « OceanWatch ) https://coastwatch.noaa.gov/insitu/insituSearch.html
3.13 o [ VR oL http://data.scsio.ac.cn/
3.14 TS IREE (A B B R B gl s https://cd.epic.epd.gov.hk/EPICDI/
3.15 FREERIE Wi R (CPR) 148 https://www.cprsurvey.org/
3.16 AR BRA 4= 250F5¢ (Palmer LTER) https://pallter.marine.rutgers.edu/
4.1 W17 45 (MOBY) https://mlml.sjsu.edu/moby/
42 K] T 5102 47 (BOUSSOLE) http://www.obs-vIfr.fr/Boussole/
43 S H 3145 (AERONET) https://aeronet.gsfc.nasa.gov/
4.4 HE b ER AL A AR (BGC-Argo) https://biogeochemical-argo.org/
45 BRI E R 5 (HOT) https://hahana.soest.hawaii.edu/hot/
HAHRKIGFER TS (BATS) https://bats.bios.asu.edu/
46 TR TR A £ VA B (1) F7 51346 (ESTOC) https://plocan.eu/
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Abstract: High-quality in situ measurement data is a prerequisite for the validation of ocean color remote sensing
data products, algorithm development, and climate change research. The collection of in sifu measurement data,
however, typically requires a substantial investment of human, material and financial resources. The data collected
by a single research team often insufficient to support long-term and large-scale research. Driven by the advances in
scientific research of “big data”, several open-access data platforms, intergovernmental and national marine scientif-
ic data centers, as well as database platforms of major marine-related departments, have released diverse types of
in-situ measurement data and shared them with users. This is aimed at giving full play to the value of in-situ meas-
urement data and supporting the research on major scientific issues. It is difficult for data users to quickly under-
stand and apply shared data from these platforms, because of the discrete distribution of datasets on different plat-
forms, and differences in data collection time, regions, disciplinary categories, and acquisition methods. This res-
ults in a time-consuming and labor-intensive process of gathering relevant research data. Therefore, this paper com-
piles and organizes 29 database platforms from which parameters such as ocean optics, biogeochemistry can be ob-
tained. These platforms store in-situ measurement data from the global ocean over the past century. This paper re-
views the typical applications of these shared data in the research of ocean color remote sensing, and provides sug-
gestions for data retrieval of commonly used parameters, with the aim of helping data users obtain research data
quickly.

Key words: ocean color; ocean optics; bio-optics; in situ measurements; database; shared data; biogeochemistry
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