HAHRHE - % 30% 34 2026 6 A « TOD £#= <«

doi: 10.3969/j.issn.1672-6073.2026.03.006

% Bl F X 3k 3k B A AR 06

2 18] 5+ S % R

—— A T MGWR &1L 7% T 208 X 5L GE 547

e, A, FTRX?, BAm, A4

(1. WRBRERBELEA TR R ], M 4540025 2. JbAC A @IS 4 e, db5 100044)

i

B QR BR I AR A% 107 1) S v A 2 DR E LR, DLAR SR X O ], kT2 RO B

AR (multiscale geographically weighted regression, MGWR)BHEA TS . 1k K4E 2023 EEXR W Fhr i

MEAE, 4G FRIGR . DL SRR N R E A &, RNkl AAZuh, R 2R
BB 2P A5 DA 548 ARFE AR 5, At MGWR B2, Jf 55385 38 4 /s — 3 2 (ordinary least squares, OLS)F/
HuFE AL A -l (geographically weighted regression, GWR)BIRLHEI T3] bl o 45 R W ; MGWR BRI A48 3 fot i (RP=
0.691), AEMEAT BRI RIAL AL A [ 7 MR B S i o sk 8 55 5 i 52 38 R DG, FLAM A IX g
PR TR AU/ IR S I SRR IE I ARG (BRSSO R AR SR I R B R K
Ry R R AT PR R IS AN AT W S o S, PRI T A A ml. AR SRR SN T

A R 52 228 S X A P 22 o AITST R D BRAR IR TT P8 AW T 50 B TR LR HE 2 K% 7
BTAESE, PRI TIT 23 1) A BRI A LR 45 il B LT S5 MH .

KR Hiekuh; M MGWR AL, OLS #i#); Z8[n) & it

FE S ES: U231 XERFRERD: A X EHS: 1672-6073(2026)03-0047-07

The Spatially Heterogeneous Influence of Multiple Factors
on Housing Prices Around Subway Stations:
An MGWR-Based Empirical Analysis in Chaoyang District, Beijing

HU Shiwei', FU Chang', YU Tianfu?, CAI Kechao', LI Ziyi’

(1. Henan Railway Construction Investment Comprehensive Development Group Co., Ltd., Zhengzhou 454002;

2. School of Traffic and Transportation, Beijing Jiaotong University, Beijing 100044)

Abstract: Based on a case study of Beijing’s Chaoyang District, this research employs a multiscale geographically weighted
regression (MGWR) model to systematically examine the spatial heterogeneity of housing prices around subway stations and
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the mechanisms through which multiple factors affect them. Using second-hand housing listing data from Lianjia in 2023, the
study incorporates both internal estate characteristics (e.g., average housing age, property fees, greening rate, and plot ratio) and
external location-based attributes (e.g., proximity to subway stations, bus stops, commercial centers, schools, hospitals, and

parks) to construct the MGWR model, which is compared against ordinary least squares (OLS) model and the geographically
weighted regression (GWR) model. The results show that the MGWR model achieves the highest goodness-of-fit (R*=0.691)
and effectively captures the scale-varying effects of different factors. Distance to subway stations exhibits a significant negative

correlation with housing prices, with a stronger effect in peripheral areas than in the urban core. Proximity to top-tier schools

shows a heterogeneous pattern, positive in clustered areas but negative in peripheral zones, reflecting a localized saturation

effect of educational resources. The influences of commercial, park, and hospital accessibility also demonstrate notable spatial
variations, highlighting the complex interplay and contextual dominance of transportation, education, commerce, ecology, and
medical services in the capitalization of housing prices. This study provides a multiscale analytical framework for understanding

the formation mechanisms of housing prices in the context of urban rail transit, offering valuable insights for spatial governance

and public service allocation.

Keywords: subway station; housing prices; multiscale geographically weighted regression (MGWR); ordinary least squares (OLS)

model; spatial heterogeneity
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Figure 3 The MGWR regression results of the influencing factors of neighborhood characteristics
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