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Research and Practice on the Evaluation of Artificial Intelligence Large Models
in Urban Rail Transit
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(1. Beijing Urban Construction Design & Development Group Co., Ltd., Beijing 100037;
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Abstract: With the rapid development of large Al models, the demand for their application in urban rail transit is increasing
rapidly. However, there is still a lack of evaluation standards and methods for large models specific to the urban rail transit
industry. To address this, this paper establishes an evaluation system for large models tailored to the urban rail transit industry.
This evaluation system covers the construction of evaluation datasets, the design of evaluation dimensions, the selection of
evaluation methods, and the formulation of evaluation metrics. Through this system, the performance of urban rail transit large
models for urban rail transit in tasks such as language understanding, knowledge reasoning, image-text alignment, and
spatiotemporal consistency can be evaluated comprehensively and objectively. Meanwhile, a dedicated evaluation system for
large models for urban rail transit is designed and developed, and the effectiveness of the evaluation system is verified through
practical application. The verification results show that the established evaluation system can provide an evaluation basis for
the optimization and application of large models in urban rail transit, and promote their implementation and application in the
urban rail transit industry.
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Figure 1 Evaluation system for large models in urban rail transit
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Figure 2 Architecture of the evaluation system for large models in urban rail transit
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