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Fig. 2 Waveform spectrum diagram of mining earthquakes and blastings
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Classification of Mining Seismic and Blasting Signals

Based on Machine Learning

LIANG Xiaonan' WANG Jianjun' YIN Xinxin®

1 Lanzhou Institute of Seismology, CEA, 450 West-Donggang Road, Lanzhou 730000, China
2 Gansu Earthquake Agency, 450 West-Donggang Road, Lanzhou 730000, China

Abstract: This study focuses on the classification problem of mining seismic and blasting signals in a
mine in Gansu province. Common unsupervised classification methods such as support vector ma-
chine, K-means clustering, and principal component analysis were analyzed. These methods face sig-
nificant challenges in terms of insufficient feature selection, low classification accuracy, and imbal-
anced samples. To attempt to address these issues, this paper employs a lightweight collaborative
learning method ( LCL-SSS) that combines MiniRocket feature extraction with improved K-means
clustering, aiming to enhance the accuracy and efficiency of classification. Through time-frequency a-
nalysis, it was found that the initial P-wave frequency of blasting events is mainly concentrated be-
tween 80 to 200 Hz, while the P-wave frequency of mining seismic events is distributed between 20 to
120 Hz. After 30 training experiments, the classification accuracy of the LLCL-SSS method reached
95.07% , effectively capturing key features in mining seismic waveforms.

Key words: mining earthquake; time frequency analysis; unsupervised learning; classification of seismic signals
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Prediction Method of Sea Level Change

in the South China Sea Based on NTFT-WSE
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Abstract: A wideband signal extraction method based on normal time-frequency transform(NTFT-WSE) is
proposed based on standard time-frequency theory. First, the standard time-frequency transform is used to
extract and model the periodic signals of sea level. Then, the NTFT-WSE method is employed to extract,
model, and predict the components at different time scales, achieving accurate prediction of the periodic low-
frequency signals of sea level changes. Compared with the standard Morlet wavelet transform, the NTFT-
WSE method reduces the root mean square error(RMSE) and mean absolute error(MAE) in periodic signal
extraction by 26.03% and 22.24% . respectively, significantly improving the extraction accuracy of mid- and
low-frequency signals. Finally, based on satellite altimetry sea level anomaly data from June 1993 to May
2008, the NTFT-WSE method was used to predict the sea level changes in the south China sea from June
2008 to May 2023. The prediction results are consistent with the overall trend of actual observations.

Key words: sea level anomaly; Morlet wavelet transform; sea level change; prediction; normal time-
frequency transform; south China sea
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