EINEESH EXEPRRFFH ( BARRFEM) Vol.37 No.5
2025 F£ 10 A Journal of Chongqing University of Posts and Telecommunications ( Natural Science Edition) Oct.2025

DOI:10.3979/j.issn.1673-825X.202408260226

REFIFEEIRBERREEMS RPN AAR

WA HER ZEE
(1.9 A TR AR B A FRA B EFA O, TR 4011222, 5 PRMEHL K F THEDIR A SH RSB, P 400065)

W OE.IRARXHEARANECS R —ER T EN AR N2 —, £ TRESI N XA T EHR
THAT M= MAE Gl E 5 ERE, I A N RN KRB TRERNES P REALEN,
T TRERXFETREMG RA 7 & 4t TREKT N RIAR AR TR RS AT B RN ZRE, &
IR R BN F R ERITWE R — KA, ERERKEINH H A ERAE, R AR E A N 3 x5
W W ERHAAT - R TR, HE - DMRNER R R RCE T ET R LA B HE, ZRERE
W, A TRERN R AR TR R#EATLES NN E R B RGNEAEMEEE,

KEBIR . TR ALK, BEARSN,; FH R EEF

HE 5 3ES . TP391;TNI11 X ERFRRES : A XEHS:1673-825X(2025) 05-0696-12

Research on the application of deep learning methods in
identification localization and recognition of engineering drawings
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Abstract: The localization and recognition of key symbols in engineering drawings have long been essential applications in
computer vision. Compared with traditional methods, deep learning-based text detection approaches offer higher detection
efficiency and accuracy. It is therefore necessary to apply existing text detection algorithms to engineering drawing recogni-
tion tasks. This paper proposes a deep learning-based method for the localization and recognition of key symbols in engineer-
ing drawings, focusing on the detection and recognition of index symbols and dimension symbols. For index symbol localiza-
tion, the drawings are cropped to a uniform size, and non-maximum suppression is used to remove redundant candidate bo-
xes. For dimension symbol localization, a complete detection is performed on the masked drawings, and the intersection-o-
ver-union between each detected box and index symbol location is calculated to filter out partial data. Experimental results
demonstrate that the proposed method achieves high precision and recall in both the localization and recognition of index and
dimension symbols in engineering drawings.
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Fig.2 Process diagram for locating and identifying key markings on engineering drawings
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Fig.3 Area containing non-size identifiers
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