55 29 4 12 1) JIE AR 2 Vol.29 No.12
2025412 A Journal of Ship Mechanics Dec. 2025

S 1007-7294(2025)12-1862-12

E TR BIESHRE N ARAEE
2H S HEBETR

BRFH-FH#', WERF, M F', 40 #", afa"
(1. FWEASE K A A0VE A S TR 22 B, I 200240; 2. AR, LRI, AR 9052; 3. G A5 iE
KF W TR EE S L=, i 200240)

FEE : R PSRN AES BRI IANS S T SEGIA TR S . A SOR FHSRAEARAZ O NEANZ 28, 1 JerR e
B #2519 (Local Gaussian Process Regression, LGPR) 77X AR ANIE st I TAESHCEBI S Wi . Kl S5
FE RS DLAR AT, 15 AT DL i 4 1 M R )3 17 B pR R, - 35 (%5300 (Genetic Algorithm, GA) X152
BT . D ER IS ST, AR SCTHE H 1 5 VR A B A R B - 5 P s ol v LA R A RS B 5 sl kg
KGR ATANERGN; AESEORY; SRR S Bl AR

E 4SS U661.33 XERARIRAD: A doi: 10.3969/j.issn.1007—7294.2025.12.004

Tuning of ship motion control parameters based on identified
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Abstract: The identified nonparametric model was used to tune the control parameters of the ship motion.
Local Gaussian Process Regression (LGPR) method was utilized to model and predict the ship motion based on
the collected ship motion data. The tuning of control parameters was converted to an optimization problem. The
fitness function was designed to improve the control performances, and Genetic Algorithm (GA) was applied to
tune the control parameters. The simulation results demonstrate that the proposed method has satisfactory
control accuracy and dynamic performances in the path following and obstacle avoidance control.
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Tab.6 Performance comparison of the controllers
during curved path following
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